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impact of projected sea surface 
temperature biases on tropical 
cyclones projections in the South 
Pacific
c. Dutheil  1,2*, M. Lengaigne  2, M. Bador  3, J. Vialard  2, J. Lefèvre1, N. C. Jourdain  4, 
S. Jullien  5, A. peltier  6, B. Sultan  7 & c. Menkès  1

climate model projections generally indicate fewer but more intense tropical cyclones (tcs) in response 
to increasing anthropogenic emissions. However these simulations suffer from long-standing biases 
in their Sea Surface temperature (SSt). While most studies investigating future changes in tc activity 
using high-resolution atmospheric models correct for the present-day SST bias, they do not consider the 
reliability of the projected SSt changes from global climate models. the present study illustrates that 
future South Pacific TC activity changes are strongly sensitive to correcting the projected SST changes 
using an emergent constraint method. this additional correction indeed leads to a strong reduction of 
the cyclogenesis (−55%) over the South Pacific basin, while no statistically significant change arises in 
the uncorrected simulations. cyclogenesis indices suggest that this strong reduction in the corrected 
experiment is caused by stronger vertical wind shear in response to a South Pacific Convergence Zone 
equatorward shift. We thus find that uncertainty in the projected SST patterns could strongly hamper 
the reliability of South Pacific TC projections. The strong sensitivity found in the current study will need 
to be investigated with other models, observational constraint methods and in other TC basins in order 
to assess the reliability of regional tc projections.

Tropical Cyclones (TCs) are among the most devastating atmospheric phenomena, with drastic socio-economic 
consequences in coastal regions. Accurately projecting TC activity changes in a global warming context is hence 
a crucial challenge. The last Intergovernmental Panel on Climate Change (IPCC) assessment1 indicates “that it is 
likely that global frequency of TCs will either decrease or remain essentially unchanged”, and that an increase in 
the frequency of most intense TCs for the 21st century is “more likely than not”. This assessment1 also stresses the 
low-confidence level in basin-scale TC projections, given the contrasting results from existing studies. Therefore, 
TC projections are still uncertain despite their crucial importance.

The future climate response to anthropogenic forcing is generally derived from the analysis of simulations 
from the Coupled Model Intercomparison Project (CMIP) database2. CMIP models are generally unable to real-
istically simulate TC activity3 due to their coarse atmospheric horizontal resolutions (100 to 200 km). A down-
scaling technique is hence commonly used to provide insights on the future changes in TC activity. It consists in 
experiments at higher horizontal resolution (10 to 50 km) performed with regional or global atmospheric models 
forced by CMIP5 projections at their boundaries (SST for global models; SST and lateral atmospheric boundary 
conditions for regional models). Such experiments adequately resolve TCs4,5.

CMIP5 models however exhibit substantial biases in their present-day climatologies, including an under-
estimated zonal SST gradient in the equatorial Atlantic6, an equatorial Pacific cold tongue that penetrates too 
far westward7–10, and a tendency for the South Pacific Convergence Zone (SPCZ) to be too zonal and to extend 
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too far eastward11,12. Forcing a high-resolution atmospheric model with those biased boundary conditions 
induces systematic biases on the simulated TC climatology, and probably hampers the future projections13,14. A 
commonly-used strategy to alleviate this shortcoming is to prescribe “climate change anomalies”, i.e. atmospheric 
simulations are forced by observed present-day SSTs, onto which the anomalous ensemble mean sea surface 
warming pattern from CMIP5 projections is added15. This approach is sometimes referred to as pseudo-global 
warming (PGW) downscaling, although this term was also used to describe the application of more ad-hoc 
anomalies16. Strong uncertainties in regional projections of future TC activity also arise from the various pro-
jected SST warming patterns for a given scenario in the CMIP database17–21. For instance, Murakami et al.18 
showed a significant variation in future TC number per basin depending on the CMIP3 SST pattern used. This 
raises the issue of the sensitivity of TC projections to the projected SST change does not correct.

Using a multi-model ensemble mean projected SST change as the one displayed in Fig. 1e reduces the pro-
jected SST errors as it largely cancels the model-dependent part of the errors22. Applying the PGW approach 
with the multi-model ensemble mean projected SST change therefore improves the reliability of projections. 
This method however does not correct for the systematic biases (i.e. common to all models) in the SST response 
to anthropogenic forcing. A way to circumvent this issue is to correct the projected warming using a statistical 

Figure 1. Top: (a) Annual multi-model mean CMIP5 of precipitation bias (in mm.day−1) relative to 
observations (CMAP). (b) Relationships between the annual mean of SST projected changes (°C) and the 
historical mean precipitation (mm.day−1) in the equatorial western Pacific [140°E-170°W;2°S-2°N] among 
31 CMIP5 models. The inter-model correlation (r) is shown at the bottom-left. The dashed line on the panels 
b denotes the observed mean precipitation in the equatorial western Pacific. Middle: Annual mean of inter-
model standard deviations of (c) uncorrected and (d) corrected SST changes (in °C). Bottom: DJF climatology 
(shading, in °C) of (e) ΔSSTCMIP and (f) ΔSSTCOR. The contours represent the DJF climatology of precipitation 
(in mm.d−1) changes between (e) CC and PD, (f) COR and PD simulations. The dashed lines indicate negative 
values, while the solid lines indicate positive values.
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relationship between present-day biases and projected changes, referred to as “observational constraint” or “emer-
gent constraint”23,24. Li et al.25 for instance identified a strong relation between the present-day western equatorial 
Pacific dry bias and SST projections in CMIP5 models that can be used to correct and reduce the uncertainty in 
those SST projections. Using the PGW downscaling approach, Dutheil et al.26 further compared regional South 
Pacific (SP) climate change simulations forced by two different SST surface boundary conditions: the uncorrected 
CMIP5 ensemble mean SST and its “corrected” counterpart based on the Li et al.25 emergent constraint (see 
Methods). Their results indicate a large sensitivity of the future SP rainfall pattern to the projected SST pattern, 
with a considerably larger future SPCZ drying in the corrected simulations than in the uncorrected ones, due to 
altered SST gradients changing the circulation and humidity convergence. The SPCZ is also the breeding ground 
of the SP TCs (6 to 7 per year on average; Fig. 2a) raising the question of how such TC activity is impacted by 
those projected SST patterns.

The South Pacific (SP) region hosts thousands of low-lying islands, which are very vulnerable to TCs27. Those 
islands are also highly vulnerable to climate change, in particular to sea-level-rise28, and rainfall changes27. An 
increase in TC intensity or occurrence combined with rising sea level is expected to increase storm surge risks29. 
In this context, it is critical to describe the future regional changes in TC characteristics in the SP. Because of the 
uncertainties in TC records, the strong influence of internal variability on TC activity, and the modulation by the 
El Niño-Southern Oscillation (ENSO)30–32, observed historical long-term trends for SP TCs vary considerably 
from one study to another, ranging from a strong decrease in TC occurrence East of Australia33 to no significant 
changes34,35. Numerous numerical studies assessed future changes in TC activity over the SP region using a PGW 
approach4,17–19,36–43. All but one41 have reported a decrease in SP TC frequency under future climate. The ampli-
tude of this decrease however varies widely across these studies, ranging from 10%17 to 60%43. These models also 
simulate a consistent intensification of TC-related precipitation42,44,45. The change in frequency of intense TCs is 
less consensual, with some studies indicating an increase41,43, and others indicating a decrease4,18,38,40.

This raises the question of whether and to what extent projected TC changes are also sensitive to the CMIP5 
ensemble mean projected SST changes. The present study explores the sensitivity of changes in TC activity to 
correcting the CMIP5 ensemble mean projected SST changes using an emergent constraint method. To that end, 
we use a similar WRF model configuration than the one used in Dutheil et al.26, except that it includes a two-way 
nested domain at 21 km located over the Southwest Pacific that allows a realistic representation of TCs. We then 
perform three simulations: one present-day (labelled PD) simulation, and two climate-change simulations forced 

Figure 2. Top: Probability Distribution Functions (PDFs) of TCs genesis (shading) and occurrence (contour 
lines) for (a) observations (IBTrACS) and (b) PD. To generate PDFs, we compute anisotropic Gaussian 
functions, with an associated standard deviation in meridional and zonal directions respectively of 2.5° and 5°. 
The area-averaged annual mean values over the plotted spatial domain of TC genesis and occurrence are shown 
in the corresponding panels. Bottom: (c) Annual mean frequency of TC occurrence (in TC.days.year−1) as a 
function of the maximum 10-m wind speed (in m.s−1) and (d) the seasonal cycle of monthly TC genesis number 
(in TC.year−1) for observations (gold) and PD (blue).
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with the same boundary forcing as the one used in Dutheil et al.26: a multi-model uncorrected CMIP5 SST warm-
ing pattern for the first climate-change simulation (labelled CC), and an emergent-constraint-corrected CMIP5 
SST warming pattern for the second climate-change simulation (labelled COR). All simulations use the PGW 
approach: the projected SST change is added on top of present-day SST conditions to avoid issues associated with 
present-day SST biases in CMIP5. Using that numerical framework, we also explore the mechanisms responsible 
for changes in TC projections when correcting the projected SST warming and the sensitivity of our results to the 
model parameterizations with two WRF model physics (labelled ZM and BMJ). Details about the regional model 
configuration and experimental designs are provided in the Methods section.

Results
projected SSt change correction. Li et al.8,25 showed that the typical “cold tongue bias” in the CMIP 
models is associated with insufficient mean precipitation and clouds over the western Pacific warm pool (Fig. 1a), 
which results in an underestimation of the convective feedback and an excessive SST warming response in the 
equatorial western Pacific. To illustrate this relationship, Fig. 1b shows the scatterplot between the historical rain-
fall bias and the projected SST change (ΔSST), averaged over the equatorial western Pacific across the 31 CMIP5 
models (this analysis is similar to the analysis shown in Fig. 2 of Dutheil et al.26). The significant correlation 
between these two variables (−0.56, p-value < 0.001) indicates that the stronger the present-day dry bias (Fig. 1a), 
the stronger the projected ΔSST in this region. This linear relationship is further used to correct the ΔSST pattern 
projected by CMIP5 models (see Method section). The corrected CMIP5 ΔSSTCOR exhibits a weaker warming 
in the South and equatorial western Pacific (Fig. 1e vs 1f), which significantly impacts the zonal and meridional 
SST gradients in the SP region. This correction method allows to strongly reduce the inter-model variance of the 
projected SST changes (Fig. 1c vs 1d), which indicates that the bias correction method improves the reliability of 
the projected SST changes. As detailed in Dutheil et al.26, forcing our model with these uncorrected and corrected 
CMIP5 ensemble mean SST warming patterns results in a large sensitivity of the future SP rainfall pattern to the 
projected SST pattern with a considerably larger southwestern Pacific rainfall reduction when correcting pro-
jected SST changes (contours in Fig. 1e vs 1f).

projected tc changes. The observed SP TC genesis is maximum northeast of Australia with the region of 
maximum TC occurrence shifted by 3° southward relative to that of the TC genesis pattern (Fig. 2a; see Method 
Section for TC tracking method description). The two-way nested domain at 21 km included in our model con-
figuration allows the PD simulation to capture reasonably well this climatological TC pattern (Fig. 2a,b). The 
PD TC genesis and occurrence are however a few degrees closer to the equator than in the observations. TC 
genesis in PD (4.6 TC.year−1) is also underestimated compared to observations (6.3 TC.year−1), while TC occur-
rence is better captured (134 TC.days.year−1 in PD compared to 147 TC.days.year−1 in observations). Simulated 
TC intensity categories reasonably follow observed frequency distribution (Fig. 2c). The strongest simulated TC 
reaches 65 m.s−1 compared to 79 m.s−1 in the observations. PD also exhibits more frequent moderate TC intensity 
between 27 and 42 m.s−1 and less frequent intense (47 to 67 m.s−1) and weak TCs (lower than 22 m.s−1) compared 
to observations. The seasonal evolution of the TC density in PD agrees well with observations, with a cyclonic 
season extending from October to June and peaking in the early calendar year (January-February-March, JFM). 
The location of cyclogenesis is modulated by ENSO, and observations show that part of TC genesis moves east-
ward by several tens of degrees during El Niño years, and southward during La Niña years. These interannual 
displacements are well represented in our PD simulation (Fig. S1). These analyses indicate that the main SP TC 
characteristics are simulated reasonably well in PD.

In CC, there is a non-significant (Mann–Whitney–Wilcoxon test, p-value = 0.7) and modest decrease (−11%) 
in TC genesis count and a non-significant increase in average TC occurrence frequency (+4%) over the SP basin 
(Fig. 3a,c,d), resulting from an increase of TC lifetime (+17%). CC displays a significant decrease in TC intensi-
ties (Fig. 3c), with a 23% increase of weak TCs (lower than 32 m.s−1), and a 33% reduction of stronger TCs (higher 
than 32 m.s−1). The seasonal cycle is not significantly changed (Fig. 3d), except for December, which exhibits a 
significant 50% decrease.

Correcting the projected SST warming pattern considerably impacts the projected TC activity (Fig. 3b) with 
a significant decrease in TC genesis of −55% (p-value = 1.10–4) in COR compared to −11% in CC. Unlike CC, 
COR displays a large −48% TC occurrence decrease. This decrease occurs rather homogenously over most of 
the SP domain (Fig. 3b) and the entire TC season (Fig. 3d). In contrast, the emergent constraint correction only 
slightly affects the projection of TC intensity distributions (Fig. 3c), with slightly more frequent weak TCs and less 
frequent strong TCs, although these changes are not significant relative to those in CC.

Related mechanisms. Cyclogenesis indices allow to empirically assess the TC control by the large scale 
environment. Here we use the Tropical Cyclone Genesis Index (TCGI)46 to diagnose mechanisms responsible for 
the projected changes in TC activity through a Taylor’s expansion of the TCGI terms (see Methods section for a 
detailed description). This index reproduces the TC genesis decrease simulated by CC compared to PD, although 
it overestimates its amplitude (Fig. 4a). The Taylor’s expansion of TCGI change accurately reproduces the TCGI 
change. Figure 4a also indicates that the strengthening of vertical wind shear largely controls the weakening of 
TC genesis in CC compared to PD, this parameter accounting for ~85% of TC reduction. The zonal wind speed 
intensification at 200hPa is the dominant driver of the vertical wind shear strengthening in future conditions (not 
shown). As indicated by the contours in Fig. 5a, the tropospheric zonal wind increase from PD to CC is related 
to an intensification of the tropospheric westerlies on the equatorward side of the mid-latitude jet (north of 20°S) 
in the core of the SP cyclogenesis region. Most CMIP models also point towards such jet intensifications in the 
future47, which has been related to an increase in the upper tropospheric meridional temperature gradients47. In 
fact, because the atmospheric column warms more in the tropics than in the extra-tropics (contours in Fig. 5e), 
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the upper tropospheric meridional temperature gradient from PD to CC increases equatorward of 20°S (contours 
in Fig. 5c) matching well with the zonal wind intensification in the upper troposphere (Fig. 5a). Our results hence 
indicate that such a mechanism also seems to operate in our simulations.

The larger TC number decrease in COR compared to CC (Fig. 3a vs 3b) can also be explained by the TCGI 
terms (Fig. 4b). This decrease is also largely driven by a strengthened vertical wind shear, accounting for ~70% 
of the TC number reduction (Fig. 4b). Indeed, correcting the projected CMIP SST warming pattern (COR vs CC 
experiments) leads to additional intensification the upper tropospheric westerlies and hence the vertical wind 
shear in the TC-prone region and weakens the jet south of 20°S (see contours in Fig. 5b). As between PD and CC, 
that change in zonal wind structure between CC and COR is consistent with changes in the meridional tempera-
ture gradient with an increased gradient north of 20°S and a decreased gradient to its south (contours in Fig. 5d). 
These temperature gradient changes responsible for upper tropospheric jets changes may be explained as follows: 
correcting the projected SST yields a larger drying of the SPCZ western portion as a consequence of near-surface 
south-easterlies penetrating further west and north in response to SST gradient changes, as already discussed in 
Dutheil et al.26 and Fig. 1b). This enhanced SPCZ drying results in an enhanced stratification of the temperature 
vertical profile south of 20°S (contours in Fig. 5f), which increases the meridional temperature gradient between 
the equator and 20°S in turn resulting in the upper level westerly anomalies (Fig. 5d).

Discussion
In this study, we have evaluated the impact of climate change on TC activity using regional atmospheric simu-
lations. Most existing studies use the PGW method to alleviate the current-day SST biases in CMIP models by 
adding the anomalous CMIP projected SST warming pattern to the observed present-day SST. Such method 
however does not eliminate in the anomalous warming pattern projected by these CMIP models such as those 
pointed out in Li et al.8,25. In the present study, we have tested the impact of correcting this warming pattern on 
the TC projections in the South Pacific, based on the statistical relation between CMIP present-day biases and 
projected SST changes as in Li et al.25.

Our results indicate that correcting the projected SST warming pattern considerably influences the projected 
changes in TC activity. While simulations forced with uncorrected CMIP5 SST warming pattern point towards 
a modest and insignificant decrease of TC number (−11%), simulations forced by the statistically-corrected SST 
warming pattern yield a far stronger and statistically significant decrease of the number of TCs (−55%). While 
our results are qualitatively consistent with most past studies, which also simulated a TC frequency reduction 

Figure 3. Top: PDFs of TCs genesis (shading) and occurrence (contour lines) between (a) CC and PD and (b) 
COR and PD. The values of annual mean TC genesis and occurrence are shown in the corresponding panels. 
Bottom: (c) Annual mean frequency of TC occurrence (in TC.days.year−1) as a function of the maximum 
10-m wind speed (in m.s−1) and (d) the seasonal cycle of monthly TC genesis number (in TC.year−1) for PD 
(blue), CC (red) and COR (green). The circles on the lines indicate statistically significant future changes at 90% 
confidence level.
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over the SP, the additional correction applied in our study has an impact which is as large as the range of TC 
reduction found in the existing literature, i.e. between 10%17 and 60%43. In other words, projected SST warming 
biases induce errors in TC changes in the SP as large as the combined uncertainties arising from the different 
model resolutions, convection schemes, scenarii and SST forcing patterns used in the previous studies addressing 
this topic. Therefore, it is crucial to correct the projected SST warming biases to improve the reliability of the SP 
TC projections.

Our results are consistent with past literature pointing out the strong sensitivity of regional TC projections to 
the projected SST warming patterns of different models for a given scenario17–20 even though this sensitivity has 
never been tested in an emergent constraint correction framework. For instance, Murakami et al.18 assessed the 
impact of the warming pattern on changes in TC activity by forcing their atmospheric model with three differ-
ent classes of warming pattern projected by CMIP3 models. While their third cluster looks alike the ΔSSTCMIP 
pattern used in the present study, their second cluster (their Fig. 2c) is somewhat similar to our ΔSSTCOR pattern 
applied (Fig. 1f), with a weaker western Pacific warming compared to the CMIP3 multi-model ensemble mean. 
Our results (i.e. stronger decrease of TC genesis when ΔSSTCOR is applied compared to ΔSSTCMIP) agree qual-
itatively with their analysis. Our results are also consistent with those of Knutson et al.38, which reveal a linear 
relationship between the regional SST change (relative to the tropical mean) and regional TC occurrence change, 
with the SP experiencing the strongest TC number decrease because it experiences the largest relative cooling.

Our results suggest that the changes in vertical wind shear is the main driver of the decrease in TC activity 
in our experiments irrespective of the projected SST correction strategy. This wind shear change can further be 
tracked back to a strengthening of the upper-tropospheric temperature meridional gradient in the cyclogenesis 
region. These results were obtained using the TCGI index. To assess their robustness, we compared them to those 
obtained with two other widely-used indices, namely the Genesis Potential Index (GPI)48 and its modified version 
(GPI*)49. This analysis confirms the dominant role of vertical wind shear, while the other terms respective contri-
butions vary from one index to another (Fig. S2). The predominant role of changing vertical wind shear was also 
reported by Zhang and Wang43 using the GPI* index.

While our results indicate that correcting the projected SST biases strongly impacts the projected TC occur-
rence (and cyclogenesis), the impact is insignificant for other TC characteristics, such as the frequency of intense 

Figure 4. (a) Barplot of % of changes in TCs genesis between CC and PD and their contributing factors from 
the TCGI analysis (in %): TC genesis change (first bar) evaluated using the direct tracking method, TCGI 
change (second bar), reconstructed TCGI changes from the Taylor expansion analysis (third bar) and TCGI 
changes induced by each individual factors (fourth to seventh bar). (b) Same as (a) but for the changes between 
COR and CC. The individual factors (fourth to seventh bar) do not sum up to the reconstructed TCGI but to 
100% to evaluate the contribution of each terms at the TCGI change.
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TCs or TC-related rainfall amount. Consistently with past literature4,17,18,38,42,44,50, our climate change simulations 
point toward a TC rainfall intensification (Fig. S3). Differences in the TC-related rainfall between the corrected 
and uncorrected experiments are however insignificant. The TC intensity distribution changes are also not sub-
stantially affected, with minor differences between the two future simulations (Fig. 3c).

Figure 5. Colors show NDJFMA climatological vertical cross-sections zonally averaged over [145°E–230°E] 
of (top) zonal wind (in m.s−1), (middle) meridional temperature gradient (in °C.km−1) and (bottom) potential 
temperature (in °C) from (left) PD and (right) CC simulations. Contours show NDJFMA climatological 
vertical cross-sections zonally averaged over [145°E–230°E] of (top) zonal wind differences (in m.s−1), (middle) 
temperature meridional gradient differences (in °C.km−1) and (bottom) temperature differences (in °C) 
between (left) CC and PD and (right) COR and CC simulations. The dashed lines indicate negative values, while 
the solid lines indicate positive values.
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The sensitivity of the future TC occurence reduction to the warming pattern may depend on the atmospheric 
model physical parameterizations and it may well be that the configuration discussed in this paper is particularly 
sensitive to SST gradients. To test this, we performed a similar set of simulations but with a completely different 
choice of physical parameterizations, including a different parameterization of subgrid-scale convection (details 
about this alternate configuration can be found in Table 1, see also26). While that other configuration is less real-
istic in simulating TC activity over the SP (Fig. 2 vs Fig. S4), changes in TC activity between the different future 
experiments are qualitatively similar in terms of TC genesis frequency changes (Fig. S5): the experiment forced 
by the corrected SST pattern indeed shows a larger decrease in TC count (−66%) than the uncorrected one 
(−39%). Changes in frequency of intense TCs in this set of experiments can however not be assessed because the 
alternative set of physical parameterisations does not allow to simulate the most intense TCs. That other set of 
simulations nonetheless highlights the robustness of our main result i.e. that future TC genesis projections in the 
SP are sensitive to the details of the projected SST pattern.

Aside from the model physics, our results may also be sensitive to the statistical method employed to correct 
the projected SST pattern. The underlying assumption with the PGW approach is the stationarity of the biases 
between the present-day and the future conditions. This hypothesis is strongly challenged by recent studies24,25 
showing a modification of the biases. Here, we use the same method as in Li et al.25 where the SST projection is 
corrected based on the western equatorial Pacific present-day rainfall bias. This method uses a simple linear rela-
tionship that emerges from the CMIP5 models spread. The linear relationship is probably the strongest assump-
tion of that method. Indeed, the relationship is not perfectly linear for all locations (r = −0.57). Nevertheless, 
using a different observational constraint method, Huang and Ying24 also show a very similar corrected SST pat-
tern (their Figure 11c) to the one inferred by Li et al.25 (their Fig. 12c), and used in the present study (Fig. S10c). 
Despite such encouraging robustness these physically-grounded methods aiming at providing a more realistic 
regional projections are still in their infancy and probably deserve more research. For instance, the TC projections 
in our bias-corrected simulation may be sensitive to the changes applied to the lateral boundary conditions. We 
did not apply the same type of correction to the atmospheric lateral boundaries because contrary to the pro-
jected SST change, which displays a clear statistical relation with the dry equatorial bias, we did not find robust 
statistical relations between the lateral boundary conditions projected changes and the dry equatorial bias. We 
hence could not correct the projected CMIP multi-model mean lateral boundary changes using the method 
of Li et al.25. We did however test the sensitivity of our results to changes in the lateral boundary conditions by 
applying those of the ACCESS1-0 model51 instead of the CMIP5 multi-model mean. We chose this particular 
model because its projected SST change was very similar to that applied in the COR experiment (Supplementary 
Information Figs. S6–7), ensuring a reasonable physical consistency between the applied SST and lateral bound-
ary condition changes. The projected Southwestern Pacific TC changes were shown to be unsensitive to changes 
in lateral boundary conditions between that experiment and COR (1.8 TCs.year−1 in COR against 1.7 TCs.year−1 
in ACCESS1-0, Supplementary Information Fig. S9). This unsensitivity to lateral boundary conditions may be 
related to the fact that the lateral boundary conditions (at 42°S, 26°N, 101°E and 59°W) in our experimental setup 
are quite far from the Southwest Pacific nested domain over which we examine the TC projections (32°S to 2°S, 
145°E to 130°W).

Our study indicates that the projected SST change is a primary source of uncertainty for TC activity changes 
projections under climate change in the SP. Due to computational constraints, we however did not test if our cor-
rection strategy resulted in a reduction of the uncertainties in TC projections. Additional experiments forced by 
uncorrected and corrected SST changes from several individual CMIP5 models should be carried out to ascertain 
if this strategy leads to a reduction of the TC projection uncertainties and hence to an improved reliability of TC 
projections in this region. In any case, our results suggest that atmospheric simulations using a PGW downscaling 
approach are very sensitive to this SST pattern correction. Future studies should apply similar strategies using 
different models, alternative observational constraints, and in other TC-prone regions in order to further test if 
the sensitivity of projected TC activity changes to details of the projected SST changes is ubiquitous.

Methods
the emergent constraint approach to correct the projected SSt field. In this study, the SST 
response projected by CMIP5 models is corrected based on the present-day rainfall bias in the western equatorial 
Pacific using an emergent constraint method. A regional climate model is then used to test the sensitivity of pro-
jected TC activity to this corrected SST change. The correction method is basically the same as the one proposed 
by Li et al.25. The annual SST climatology for present-day (last 20 years, i.e., 1989–2009) and the future (last 20 
years; 2080–2099) scenario are respectively denoted by SSTPD(s,m) and SSTCC(s,m), where ‘s’ represents space 

Configuration ZM BMJ

Deep convection Zhang & McFarlane57 Janjic63

Microphysic Lin et al.53 Hong et al.64

Longwave and shortwave radiation Collins et al.54 Iacono et al.65

Planetary boundary layer Bretherton & Park55 Noh et al.66

Land-surface model Chen & Dudhia56 Chen & Dudhia56

Oceanic surface layer Jiménez et al.67 Jiménez et al.67

Table 1. Physics parametrization selected in the ZM and BMJ model configurations.
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(longitude-latitude) coordinates and ‘m’ model IDs. The SST response to climate change for each model can then 
be calculated as the difference between the future and historical SSTs as:

Δ = −SST s m SST s m SST s m( , ) ( , ) ( , ) (1)CC PD

The present-day annual average rainfall bias in the western equatorial Pacific (WEP; 140°E–170°W; 2°S–2°N) 
is computed as the difference between the 1989–2009 average rainfall in present-day CMIP simulations and 
observations (CMAP) as follows:

Pr m Pr m Pr( ) ( ) (2)WEP WEP
PD

WEP
OBS′ = −

where ′Pr m( )WEP  is the annual rainfall bias averaged over the WEP for the model m, Pr m( )WEP
PD  is the annual rain-

fall averaged over the WEP for the model m in CMIP present-day simulations, and PrWEP
OBS is the annual rainfall 

averaged over the WEP for observations, all obtained for the 1989–2009 period.
The relationship between the projected SST changes and the WEP present-day rainfall bias can be obtained 

through a linear regression analysis as,

Δ = ∗ ′ +SST s m R s Pr m res s m( , ) ( ) ( ) ( , ) (3)WEP

where R(s) is the spatially-dependent regression coefficient and res(s, m) is the residual, which represents the projected 
response of climate change at zero bias, i.e. as the corrected response (ΔSSTCOR) to climate change for each model:

Δ =SST s m res s m( , ) ( , ) (4)COR

The multi-model mean of the corrected response to climate change is calculated as:

∑Δ Δ=
=

SST s
N

SST s m( ) 1 ( , )
(5)COR

MMM

m

n

COR
1

where n is the total number of models. Figure S10 displays the MMM of all terms of the Eq. 3.

Regional model configuration and experimental design. As in Dutheil et al.26, we use the Weather 
Research and Forecasting Model version 3.6.152 with a parent domain at 105 km resolution that encompasses the 
tropical Pacific region [101°E–59°W; 26°N–42°S]. To simulate the South-West (SW) Pacific cyclogenesis, we add 
a two-way nested domain located over the SW Pacific [145°E–130°W; 32°S–2°S] with an increased resolution of 
21 km. Both domains share the same 32 vertical levels in terrain-following coordinates. The main configuration 
discussed here includes Lin et al.53 microphysics scheme, the Community Atmosphere Model54 parameterizations 
for shortwave and longwave radiation, the University of Washington planetary boundary layer scheme55 with the 
Monin–Obukhov surface layer parameterization, the Noah land surface model56, and the Zhang and McFarlane57 
parameterization for subgrid-scale convection. This model reproduces observed TC characteristics reasonably 
well in this region43,58–60. To evaluate the robustness of the results obtained from this configuration, we compare 
them to those obtained from another configuration using a completely different model physics in the last section. 
The two physical configurations are the same as those used in Dutheil et al.26, and are further detailed in Table 1.

A present-day simulation (labelled PD) is first performed over the 1980–2016 period (37 years). Surface and 
lateral boundary conditions for the parent domain are taken from 6-hourly outputs of the NCEP2 reanalysis61. 
Two future simulations are conducted by prescribing anomalies for surface (SST) and lateral (wind, temperature, 
specific humidity, and geopotential height) boundaries from the multi-model mean CMIP5 projections under 
the RCP8.5 scenario in the late twenty-first century. This strategy ensures that the specified change in boundary 
conditions obeys the same linear balances (e.g. geostrophy, thermal wind…) than the individual general cir-
culation models from CMIP5, and that the SST and lateral boundary precipitation changes are thus physically 
consistent. For those, initial, surface, and lateral boundary conditions are taken as the sum of NCEP2 reanalysis 
and the mean seasonal cycle of future projected changes computed as the ensemble mean of monthly climatology 
difference of late twenty-first-century (2080–2099) and historical simulations (1989–2009) of 31 CMIP5 models. 
Hence, the synoptic and interannual variability at the boundaries keeps the same phase and amplitude as the PD 
simulation. The two future simulations only differ through the applied pattern of projected sea surface warming. 
In the first one (labelled CC), the uncorrected CMIP5 ensemble-mean SST warming pattern (ΔSSTCMIP) is used. 
In the second one (labelled COR), the CMIP5 ensemble-mean SST pattern is statistically corrected (ΔSSTCOR) as 
described in the emergent constraint approach.

tc tracking method. We use a tracking method to detect projected change in TCs, by comparing cyclones 
in various present-day and future simulations. The tracking method used here was developed by Chauvin et al.62, 
and previously used in similar WRF configurations to that in the present study58,60. The following criteria are used 
to distinguish tropical cyclones from intense mid-latitude systems at each output time step (6 h):

•	 local minimum in sea level pressure;
•	 850 hPa vorticity > VOR;
•	 maximum 850 hPa wind speed > WT;
•	 Mean 700-300 hPa temperature anomaly > TT;
•	 300 hPa temperature anomaly > 850 hPa temperature anomaly;
•	 850 hPa tangential wind > 300 hPa tangential wind.
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VOR, WT and TT are threshold parameters for vorticity, wind speed and temperature anomaly respectively. 
The thresholds retained for this study are: VOR = 20.10–5s−1; WT = 17 m.s−1 and TT = 1 K. The VOR and TT 
thresholds are empirical and configuration-dependent, and were chosen using a similar approach as in Jourdain 
et al.58. A positive TT criterion is important to detect warm core vortices, whereas excessive values fail to detect all 
tropical cyclones. The vorticity threshold has a significant role in filtering weaker mesoscale vortices. Moreover, 
we have removed TCs with a shorter lifetime than 2 days. Importantly for this study, the tracking method does 
not depend on SST or absolute air temperature, but rather on temperature anomalies, so that the number of 
detected TCs is not affected by a uniform tropospheric warming.

The modelled TC activity in the PD simulation is compared to the TC activity inferred from the latest version 
(v03r09) of the International Best Track Archive for Climate Stewardship (IBTrACS) database57 over 1980–2016.

tc diagnostics. TGCI is a cyclogenesis index built from 4 environmental parameters, which can be written 
as follows:

( )TGCI exp b exp b Vs exp b HR exp b T exp b log cos( ) ( ) ( ) ( ( )) (6)Vs HR Tη= ∗ . ∗ . ∗ . ∗ + Φη

where η is the absolute vorticity at 850hPa (s−1), HR the relative humidity at 600 hPa (%), T the relative SST (in 
°C) and Vs the magnitude of the vertical wind shear between 850 and 200 hPa (m.s−1). Ф represents the latitude. 
As in Camargo et al.62, The coefficients ( ηb b b b b, , , ,Vs HR T ) are obtained as a result of the best fit of the 
multi-linear regression with the simulated climatological TC genesis in PD using the environmental parameters 
derived from the PD simulation. In a similar way as in Camargo et al.62, this ensures that the TGCI is fitted to 
capture the cyclogenesis climatology simulated in the PD simulation.

Following Zhang and Wang42, the contribution of each factor to TC genesis changes are derived from a Taylor’s 
series expansion of the TCGI terms. There are four terms including an environmental parameter in the TGCI 
formula. The contribution of each of these four terms to the future TGCI change is estimated by individually 
varying each term as:

Δ Δ= ∗ ∗ ∗ ∗ + Φ( )TGCI T T T T exp b log cos( ( )) (7)i i j j j1 2 3

∑Δ Δ≈
=

TGCI TGCIwith
(8)i

i
1

4

where Δ represents the future change (i.e. CC or COR minus PD), the subscript i being the contributing term and 
the subscript j1 to j3 being the remaining terms in PD. As shown in Fig. 4, the reconstructed ΔTGCI is relatively 
close to the actual ΔTGCI, demonstrating the validity of the reconstruction. To assess the sensitivity of our results 
to index selection, we compared the TCGI with two others cyclogenesis index (Fig. S1), the GPI and GPI* defined 
in supplementary document.

Statistical testing. We used a Mann–Whitney–Wilcoxon test to check if the TC activity (genesis, occur-
rence, and intensity) differences between the PD and future simulations are statistically significant. This test is 
the non-parametric equivalent to the independent t-test. It is used to test whether two samples are likely to derive 
from the same population, without making any assumption about the distribution of data contrary to a t-test. Our 
null hypothesis is that PD and the future simulations have the same climatological mean value. We applied the test 
to the time series of the TC genesis and occurrence annual means.

Received: 8 May 2019; Accepted: 27 February 2020;
Published: xx xx xxxx

References
 1. Stocker, T. et al. Climate change 2013 the physical science basis; Working Group I contribution to the fifth assessment report of the 

Intergovernmental Panel on Climate Change. (WMO, IPCC, 2014).
 2. Taylor, K. E., Stouffer, R. J. & Meehl, G. A. An Overview of CMIP5 and the Experiment Design. Bulletin of the American 

Meteorological Society 93, 485–498 (2012).
 3. Camargo, S. J. Global and Regional Aspects of Tropical Cyclone Activity in the CMIP5 Models. Journal of Climate 26, 9880–9902 

(2013).
 4. Murakami, H. et al. Future Changes in Tropical Cyclone Activity Projected by the New High-Resolution MRI-AGCM*. Journal of 

Climate 25, 3237–3260 (2012).
 5. Knutson, T. R. et al. Dynamical Downscaling Projections of Twenty-First-Century Atlantic Hurricane Activity: CMIP3 and CMIP5 

Model-Based Scenarios. Journal of Climate 26, 6591–6617 (2013).
 6. Richter, I. & Xie, S.-P. On the origin of equatorial Atlantic biases in coupled general circulation models. Climate Dynamics 31, 

587–598 (2008).
 7. Li, G. & Xie, S.-P. Tropical Biases in CMIP5 Multimodel Ensemble: The Excessive Equatorial Pacific Cold Tongue and Double ITCZ 

Problems*. Journal of Climate 27, 1765–1780 (2014).
 8. Li, G., Du, Y., Xu, H. & Ren, B. An Intermodel Approach to Identify the Source of Excessive Equatorial Pacific Cold Tongue in 

CMIP5 Models and Uncertainty in Observational Datasets. Journal of Climate 28, 7630–7640 (2015).
 9. Zuidema, P. et al. Challenges and Prospects for Reducing Coupled Climate Model SST Biases in the Eastern Tropical Atlantic and 

Pacific Oceans: The U.S. CLIVAR Eastern Tropical Oceans Synthesis Working Group. Bulletin of the American Meteorological Society 
97, 2305–2328 (2016).

 10. Richter, I. Climate model biases in the eastern tropical oceans: causes, impacts and ways forward: Climate model biases in the 
eastern tropical oceans. Wiley Interdisciplinary Reviews: Climate Change 6, 345–358 (2015).

https://doi.org/10.1038/s41598-020-61570-6


1 1Scientific RepoRtS |         (2020) 10:4838  | https://doi.org/10.1038/s41598-020-61570-6

www.nature.com/scientificreportswww.nature.com/scientificreports/

 11. Brown, J. R. et al. Evaluation of the South Pacific Convergence Zone in IPCC AR4 Climate Model Simulations of the Twentieth 
Century. Journal of Climate 24, 1565–1582 (2011).

 12. Grose, M. R. et al. Assessment of the CMIP5 global climate model simulations of the western tropical Pacific climate system and 
comparison to CMIP3: assesment of CMIP5 climate models for the western tropical pacific. International Journal of Climatology 34, 
3382–3399 (2014).

 13. Small, R. J. et al. A new synoptic scale resolving global climate simulation using the Community Earth System Model. Journal of 
Advances in Modeling Earth Systems 6, 1065–1094 (2014).

 14. McClean, J. L. et al. A prototype two-decade fully-coupled fine-resolution CCSM simulation. Ocean Modelling 39, 10–30 (2011).
 15. Knutson, T. R., Sirutis, J. J., Garner, S. T., Vecchi, G. A. & Held, I. M. Simulated reduction in Atlantic hurricane frequency under 

twenty-first-century warming conditions. Nature Geoscience 1, 359–364 (2008).
 16. Schär, C., Frei, C., Lüthi, D. & Davies, H. C. Surrogate climate-change scenarios for regional climate models. Geophysical Research 

Letters 23, 669–672 (1996).
 17. Zhao, M. & Held, I. M. TC-Permitting GCM Simulations of Hurricane Frequency Response to Sea Surface Temperature Anomalies 

Projected for the Late-Twenty-First Century. Journal of Climate 25, 2995–3009 (2012).
 18. Murakami, H., Mizuta, R. & Shindo, E. Future changes in tropical cyclone activity projected by multi-physics and multi-SST 

ensemble experiments using the 60-km-mesh MRI-AGCM. Climate Dynamics 39, 2569–2584 (2012).
 19. Bacmeister, J. T. et al. Projected changes in tropical cyclone activity under future warming scenarios using a high-resolution climate 

model. Climatic Change 146, 547–560 (2018).
 20. Sugi, M., Murakami, H. & Yoshimura, J. A Reduction in Global Tropical Cyclone Frequency due to Global Warming. SOLA 5, 

164–167 (2009).
 21. Vecchi, G. A. & Soden, B. J. Effect of remote sea surface temperature change on tropical cyclone potential intensity. Nature 450, 

1066–1070 (2007).
 22. Weigel, A. P., Knutti, R., Liniger, M. A. & Appenzeller, C. Risks of Model Weighting in Multimodel Climate Projections. Journal of 

Climate 23, 4175–4191 (2010).
 23. Bracegirdle, T. J. & Stephenson, D. B. On the Robustness of Emergent Constraints Used in Multimodel Climate Change Projections 

of Arctic Warming. Journal of Climate 26, 669–678 (2013).
 24. Huang, P. & Ying, J. A Multimodel Ensemble Pattern Regression Method to Correct the Tropical Pacific SST Change Patterns under 

Global Warming. Journal of Climate 28, 4706–4723 (2015).
 25. Li, G., Xie, S.-P., Du, Y. & Luo, Y. Effects of excessive equatorial cold tongue bias on the projections of tropical Pacific climate change. 

Part I: the warming pattern in CMIP5 multi-model ensemble. Climate Dynamics 47, 3817–3831 (2016).
 26. Dutheil, C. et al. Impact of surface temperature biases on climate change projections of the South Pacific Convergence Zone. Climate 

Dynamics, https://doi.org/10.1007/s00382-019-04692-6 (2019).
 27. Walsh, K. J. E., McInnes, K. L. & McBride, J. L. Climate change impacts on tropical cyclones and extreme sea levels in the South 

Pacific — A regional assessment. Global and Planetary Change 80–81, 149–164 (2012).
 28. Nicholls, R. J. & Cazenave, A. Sea-Level Rise and Its Impact on Coastal Zones. Science 328, 1517–1520 (2010).
 29. Vitousek, S. et al. Doubling of coastal flooding frequency within decades due to sea-level rise. Scientific Reports 7 (2017).
 30. Basher, R. E. & Zheng, X. Tropical Cyclones in the Southwest Pacific: Spatial Patterns and Relationships to Southern Oscillation and 

Sea Surface Temperature. Journal of Climate 8, 1249–1260 (1995).
 31. Kuleshov, Y., Qi, L., Fawcett, R. & Jones, D. On tropical cyclone activity in the Southern Hemisphere: Trends and the ENSO 

connection. Geophysical Research Letters 35 (2008).
 32. Vincent, E. M. et al. Interannual variability of the South Pacific Convergence Zone and implications for tropical cyclone genesis. 

Climate Dynamics 36, 1881–1896 (2011).
 33. Callaghan, J. & Power, S. B. Variability and decline in the number of severe tropical cyclones making land-fall over eastern Australia 

since the late nineteenth century. Climate Dynamics 37, 647–662 (2011).
 34. Kuleshov, Y. et al. Trends in tropical cyclones in the South Indian Ocean and the South Pacific Ocean. Journal of Geophysical Research 

115 (2010).
 35. Hartmann, D. L. et al. Observations:Atmosphere and Surface. In: Climate Change 2013: The Physical Science Basis. Contribution of 

Working GroupI to the Fifth Assessment Report of the Intergovernmental Panel on Climate Change. In Climate Change 2013: The 
Physical Science Basis. Contribution of Working Group I to the Fifth Assessment Report of the Intergovernmental Panel on Climate 
Change 159–254 (Cambridge University Press, 2013).

 36. Zhao, M., Held, I. M., Lin, S.-J. & Vecchi, G. A. Simulations of Global Hurricane Climatology, Interannual Variability, and Response 
to Global Warming Using a 50-km Resolution GCM. Journal of Climate 22, 6653–6678 (2009).

 37. Murakami, H. et al. Simulation and Prediction of Category 4 and 5 Hurricanes in the High-Resolution GFDL HiFLOR Coupled 
Climate Model*. Journal of Climate 28, 9058–9079 (2015).

 38. Knutson, T. R. et al. Global Projections of Intense Tropical Cyclone Activity for the Late Twenty-First Century from Dynamical 
Downscaling of CMIP5/RCP4.5 Scenarios. Journal of Climate 28, 7203–7224 (2015).

 39. Walsh, K. Fine resolution simulations of the effect of climate change on tropical cyclones in the South Pacific. Climate Dynamics 45, 
2619–2631 (2015).

 40. Sugi, M., Murakami, H. & Yoshida, K. Projection of future changes in the frequency of intense tropical cyclones. Climate Dynamics 
49, 619–632 (2017).

 41. Yamada, Y. et al. Response of Tropical Cyclone Activity and Structure to Global Warming in a High-Resolution Global 
Nonhydrostatic Model. Journal of Climate 30, 9703–9724 (2017).

 42. Yoshida, K., Sugi, M., Mizuta, R., Murakami, H. & Ishii, M. Future Changes in Tropical Cyclone Activity in High-Resolution Large-
Ensemble Simulations: Future TC in Large-Ensemble Simulations. Geophysical Research Letters 44, 9910–9917 (2017).

 43. Zhang, C. & Wang, Y. Projected Future Changes of Tropical Cyclone Activity over the Western North and South Pacific in a 20-km-
Mesh Regional Climate Model. Journal of Climate 30, 5923–5941 (2017).

 44. Kim, H.-S. et al. Tropical Cyclone Simulation and Response to CO2 Doubling in the GFDL CM2.5 High-Resolution Coupled 
Climate Model. Journal of Climate 27, 8034–8054 (2014).

 45. Walsh, K. J. E. et al. Tropical cyclones and climate change: Tropical cyclones and climate change. Wiley Interdisciplinary Reviews: 
Climate Change 7, 65–89 (2016).

 46. Tippett, M. K., Camargo, S. J. & Sobel, A. H. A Poisson Regression Index for Tropical Cyclone Genesis and the Role of Large-Scale 
Vorticity in Genesis. Journal of Climate 24, 2335–2357 (2011).

 47. Wilcox, L. J., Charlton-Perez, A. J. & Gray, L. J. Trends in Austral jet position in ensembles of high- and low-top CMIP5 models: 
TRENDS IN AUSTRAL JET POSITION. Journal of Geophysical Research: Atmospheres 117, n/a–n/a (2012).

 48. Emanuel, K. A. & Nolan, D. S. Tropical cyclone activity and the global climate system. in 240–241 (American Meteorological Society, 
2004).

 49. Murakami, H. & Wang, B. Future Change of North Atlantic Tropical Cyclone Tracks: Projection by a 20-km-Mesh Global 
Atmospheric Model*. Journal of Climate 23, 2699–2721 (2010).

 50. Bell, R., Strachan, J., Vidale, P. L., Hodges, K. & Roberts, M. Response of Tropical Cyclones to Idealized Climate Change Experiments 
in a Global High-Resolution Coupled General Circulation Model. Journal of Climate 26, 7966–7980 (2013).

 51. Bi, D. et al. The ACCESS coupled model: description, control climate and evaluation. Aust. Meteorol. Oceanogr. J 63, 41–64 (2013).

https://doi.org/10.1038/s41598-020-61570-6
https://doi.org/10.1007/s00382-019-04692-6


1 2Scientific RepoRtS |         (2020) 10:4838  | https://doi.org/10.1038/s41598-020-61570-6

www.nature.com/scientificreportswww.nature.com/scientificreports/

 52. Skamarock, W. C. & Klemp, J. B. A time-split nonhydrostatic atmospheric model for weather research and forecasting applications. 
Journal of Computational Physics 227, 3465–3485 (2008).

 53. Lin, Y.-L., Farley, R. D. & Orville, H. D. Bulk Parameterization of the Snow Field in a Cloud Model. Journal of Climate and Applied 
Meteorology 22, 1065–1092 (1983).

 54. Collins, W. D. et al. Description of the NCAR Community Atmosphere Model (CAM 3.0). 226 (2004).
 55. Bretherton, C. S. & Park, S. A New Moist Turbulence Parameterization in the Community Atmosphere Model. Journal of Climate 

22, 3422–3448 (2009).
 56. Chen, F. & Dudhia, J. Coupling an Advanced Land Surface–Hydrology Model with the Penn State–NCAR MM5 Modeling System. 

Part I: Model Implementation and Sensitivity. Monthly Weather Review 129, 569–585 (2001).
 57. Zhang, G. J. & McFarlane, N. A. Sensitivity of climate simulations to the parameterization of cumulus convection in the Canadian 

climate centre general circulation model. Atmosphere-Ocean 33, 407–446 (1995).
 58. Jourdain, N. C. et al. Mesoscale Simulation of Tropical Cyclones in the South Pacific: Climatology and Interannual Variability. 

Journal of Climate 24, 3–25 (2011).
 59. Jullien, S. et al. Impact of Tropical Cyclones on the Heat Budget of the South Pacific Ocean. Journal of Physical Oceanography 42, 

1882–1906 (2012).
 60. Jullien, S. et al. Ocean feedback to tropical cyclones: climatology and processes. Climate Dynamics 43, 2831–2854 (2014).
 61. Kanamitsu, M. et al. NCEP–DOE AMIP-II Reanalysis (R-2). Bulletin of the American Meteorological Society 83, 1631–1643 (2002).
 62. Chauvin, F., Royer, J.-F. & Déqué, M. Response of hurricane-type vortices to global warming as simulated by ARPEGE-Climat at 

high resolution. Climate Dynamics 27, 377–399 (2006).
 63. Janjić, Z. I. The Step-Mountain Eta Coordinate Model: Further Developments of the Convection, Viscous Sublayer, and Turbulence 

Closure Schemes. Monthly Weather Review 122, 927–945 (1994).
 64. Hong, S.-Y., Dudhia, J. & Chen, S.-H. A Revised Approach to Ice Microphysical Processes for the Bulk Parameterization of Clouds 

and Precipitation. Monthly Weather Review 132, 103–120 (2004).
 65. Iacono, M. J. et al. Radiative forcing by long-lived greenhouse gases: Calculations with the AER radiative transfer models. Journal of 

Geophysical Research 113 (2008).
 66. Noh, Y., Cheon, W. G., Hong, S. Y. & Raasch, S. Improvement of the K-profile model for the planetary boundary layer based on large 

eddy simulation data. Boundary-layer meteorology 107, 401–427 (2003).
 67. Jiménez, P. A. et al. A Revised Scheme for the WRF Surface Layer Formulation. Monthly Weather Review 140, 898–918 (2012).

Acknowledgements
C. Dutheil and C. Menkes thank funding from European Project INTEGRE, Fonds Pacifique VARAPP, the New 
Caledonian Governement and SPREP. The authors thank the Institut de Recherche pour le Développement 
(IRD) for supporting all authors except for M. Bador, N.C. Jourdain and A. Peltier. MB was supported by the 
ARC Centre of Excellence for Climate Extremes (CE170100022). The authors acknowledge the Pôle de Calcul 
et de Données Marines (PCDM) for providing DATARMOR storage and computational resources (http://www.
ifremer.fr/pcdm). This work also used GENCI-TGCC computing resources and benefited from developments 
done during the PULSATION ANR-11-MONU-0010 project of the French National Research Agency (ANR). 
The scripts used to calculate the CMIP5 anomalies and to apply them to WRF’s boundary conditions are available 
on http://github.com/nicojourdain/SCRIPTS_CMIP5_ANOM_NOW.

Author contributions
C.D., M.L. and C.M. designed the study. C.D. performed, analyzed the simulations and wrote the manuscript 
initial draft. All authors contributed to interpreting and discussing the results, and to refining the manuscript.

competing interests
The authors declare no competing interests.

Additional information
Supplementary information is available for this paper at https://doi.org/10.1038/s41598-020-61570-6.
Correspondence and requests for materials should be addressed to C.D.
Reprints and permissions information is available at www.nature.com/reprints.
Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the Cre-
ative Commons license, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons license, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons license and your intended use is not per-
mitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from the 
copyright holder. To view a copy of this license, visit http://creativecommons.org/licenses/by/4.0/.
 
© The Author(s) 2020

https://doi.org/10.1038/s41598-020-61570-6
http://www.ifremer.fr/pcdm
http://www.ifremer.fr/pcdm
http://github.com/nicojourdain/SCRIPTS_CMIP5_ANOM_NOW
https://doi.org/10.1038/s41598-020-61570-6
http://www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Impact of projected sea surface temperature biases on tropical cyclones projections in the South Pacific
	Results
	Projected SST change correction. 
	Projected TC changes. 
	Related mechanisms. 

	Discussion
	Methods
	The emergent constraint approach to correct the projected SST field. 
	Regional model configuration and experimental design. 
	TC tracking method. 
	TC diagnostics. 
	Statistical testing. 

	Acknowledgements
	Figure 1 Top: (a) Annual multi-model mean CMIP5 of precipitation bias (in mm.
	Figure 2 Top: Probability Distribution Functions (PDFs) of TCs genesis (shading) and occurrence (contour lines) for (a) observations (IBTrACS) and (b) PD.
	Figure 3 Top: PDFs of TCs genesis (shading) and occurrence (contour lines) between (a) CC and PD and (b) COR and PD.
	Figure 4 (a) Barplot of % of changes in TCs genesis between CC and PD and their contributing factors from the TCGI analysis (in %): TC genesis change (first bar) evaluated using the direct tracking method, TCGI change (second bar), reconstructed TCGI chan
	Figure 5 Colors show NDJFMA climatological vertical cross-sections zonally averaged over [145°E–230°E] of (top) zonal wind (in m.
	Table 1 Physics parametrization selected in the ZM and BMJ model configurations.




