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Ocean net primary production (NPP) results from CO2 fixation by marine phytoplankton,
catalysing the transfer of organic matter and energy to marine ecosystems, supporting
most marine food webs, and fisheries production as well as stimulating ocean carbon
sequestration. Thus, alterations to ocean NPP in response to climate change, as
quantified by Earth system model experiments conducted as part of the 5th and 6th
Coupled Model Intercomparison Project (CMIP5 and CMIP6) efforts, are expected to
alter key ecosystem services. Despite reductions in inter-model variability since CMIP5,
the ocean components of CMIP6 models disagree roughly 2-fold in the magnitude and
spatial distribution of NPP in the contemporary era, due to incomplete understanding
and insufficient observational constraints. Projections of NPP change in absolute terms
show large uncertainty in CMIP6, most notably in the North Atlantic and the Indo-Pacific
regions, with the latter explaining over two-thirds of the total inter-model uncertainty.
While the Indo-Pacific has previously been identified as a hotspot for climate impacts on
biodiversity and fisheries, the increased inter-model variability of NPP projections further
exacerbates the uncertainties of climate risks on ocean-dependent human communities.
Drivers of uncertainty in NPP changes at regional scales integrate different physical
and biogeochemical factors that require more targeted mechanistic assessment in
future studies. Globally, inter-model uncertainty in the projected changes in NPP has
increased since CMIP5, which amplifies the challenges associated with the management
of associated ecosystem services. Notably, this increased regional uncertainty in the
projected NPP change in CMIP6 has occurred despite reduced uncertainty in the regional
rates of NPP for historical period. Improved constraints on the magnitude of ocean NPP
and the mechanistic drivers of its spatial variability would improve confidence in future
changes. It is unlikely that the CMIP6 model ensemble samples the complete uncertainty
in NPP, with the inclusion of additional mechanistic realism likely to widen projections
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further in the future, especially at regional scales. This has important consequences for
assessing ecosystem impacts. Ultimately, we need an integrated mechanistic framework
that considers how NPP and marine ecosystems respond to impacts of not only climate
change, but also the additional non-climate drivers.
Keywords: climate change, ocean net primary production, earth system model (ESM), climate projections, ocean
modeling, oceanography, ocean biogeochemical cycles, ocean biogeochemical model

IMPORTANCE OF OCEAN NET PRIMARY
PRODUCTION TO OCEAN ECOSYSTEM
SERVICES

and the response of metabolic rates to temperature, deficiencies
in the availability of these essential resources are the main
“bottom up factors” limiting rates of NPP and driving its response
to climate change (Laufkötter et al., 2015). Key resources to
consider are nitrogen and iron, with phosphorus, silicon, and
others playing roles in particular regions or for particular
phytoplankton groups (Moore et al., 2013). Importantly, as the
overall rates of NPP are affected by the combination of specific
rates and population levels, they are also controlled by changes
in predation by zooplankton (known as grazing) that affect
phytoplankton standing stocks.
The Intergovernmental Panel on Climate Change (IPCC)
made a range of assessments regarding NPP and associated
ecosystem services in the recent Special Report on Oceans
and Cryosphere in a Changing Climate (SROCC) report.
In the SROCC, and other IPCC assessment reports, various
different degrees of specific language are carefully used to
assign confidence and likelihood to the assessments (Mastrandrea
et al., 2011). Confidence is assigned based on the strength of
the evidence and the level of agreement, with high confidence
reserved for high agreement across robust evidence. Likelihood is
used when enough confidence exists for there to be a probabilistic
assessment, with likely reflecting 66–100% probability, very likely
reflecting 90–100% probability and virtually certain related to
99–100% probability. When the results across multiple models
are assessed, it is common to examine the likely or very
likely range, either by using one or two standard deviations,
respectively, or the appropriate confidence intervals (Collins
et al., 2013; Bindoff et al., 2019).
NPP projections are available as part of the 5th and 6th
Coupled Model Intercomparison Projects (CMIP5 and CMIP6,
respectively). Due to the timing, SROCC relied on CMIP5
datasets and made the following assessments regarding the
contemporary trends in NPP and future projections under the
high emissions RCP8.5 scenario (Bindoff et al., 2019): (i) there
was high confidence that the ongoing changes to stratification and
nutrient cycles was having a regionally variable impact on NPP,
(ii) there was low confidence assigned to the very likely range
of NPP decline between 4 and 11% by 2081–2100, relative to
2006–2015, with medium confidence associated with projected
declines of 7–16% (very likely range) in the tropical ocean
that were constrained by historical variability. The projected
declines in NPP were also assessed to lead to alterations of
community structure (high confidence), reduce global marine
animal biomass (medium confidence), and the maximum catch
potential of fisheries (medium confidence), which may elevate
the risk of impacts on income, livelihood, and food security of

Photosynthesis by marine phytoplankton drives ocean net
primary production (NPP, defined usually as photosynthesis
minus respiration), which is a major planetary flux, accounting
for half of global-scale photosynthesis (Field, 1998) and
supporting major ocean ecosystem services. As a de novo source
of fixed organic carbon, NPP primes the biological carbon
pump and carbon sequestration, as well as supporting ecosystem
structure and function (Falkowski et al., 2003; Bindoff et al.,
2019). As such, changes to NPP in response to changes in climate
act alongside other direct climate impacts, such as warming, to
catalyse the response of these key services (Cheung et al., 2009;
Lotze et al., 2019; Boyce et al., 2020; Tagliabue et al., 2020).
The net consumption of inorganic carbon and the production
of particulate organic carbon during NPP perturbs the air-sea
CO2 partial pressure gradient, influencing atmosphere ocean
carbon dioxide exchange. Subsequent transfer of this particulate
organic carbon into the ocean interior via an array of particle
injection pumps sequester carbon away from the atmosphere
over various timescales (Boyd et al., 2019) and thus has an
acknowledged major role in the global carbon cycle (Volk
and Hoffert, 1985; Ito and Follows, 2005; Kwon et al., 2009).
On the timescales of multiple centuries NPP acts to modulate
atmospheric carbon dioxide levels via its control on the biological
carbon pump intensity and ocean carbon inventories (Falkowski
et al., 2003; Ito and Follows, 2005).
NPP is essential for marine biodiversity and associated
ecosystem services. It is one of the main inputs of nutrients and
energy that supports consumer growth and survival in marine
food webs. Consumer diversity and their ecosystem functions
then deliver important ecosystem services and societal benefits
(Bindoff et al., 2019). These benefits include fisheries, climate
regulation, supporting cultural, and intrinsic values. As an
example, NPP is closely related to the distribution and magnitude
of marine fisheries catches (Stock et al., 2017), which provide
food, nutrition, income, and livelihoods for many millions of
people globally (FAO, 2018). Changes in the transfer of NPPderived particulate organic carbon from the ocean surface to the
seafloor also affects the food supply to benthic ecosystems (Yool
et al., 2017).
To achieve high rates of NPP, phytoplankton require light, and
a range of resources for enzyme cofactors, as well as the structural
components that permit high population levels (Falkowski et al.,
1998; Saito et al., 2008). Alongside variable light conditions

Frontiers in Climate | www.frontiersin.org

2

November 2021 | Volume 3 | Article 738224

Tagliabue et al.

Uncertainties in Ocean NPP Change

the dependent human communities (medium confidence). Taken
together, these raise significant challenges for ocean ecosystem
services in the face of ocean NPP changes.

has not been conducted in depth, with global assessments
available (Séférian et al., 2020).
Model projections of NPP at regional scales under different
emissions scenarios are important because they inform
community-level assessments, such as those by the IPCC,
and form the basis of risk assessments for critical open ocean
marine ecosystems and ecosystem services, such as fisheries
(Bindoff et al., 2019). To date, uncertainty in NPP projections
conducted as part of CMIP5 and CMIP6 at regional scale has
been typically assessed by averaging changes across multiple
years around the end of the century (2081–2100), relative to the
recent historical era (1996–2015 for CMIP6) across models and
considering whether more than 80% of the models agreed on
the sign of change or with the statistical significance at regional
scale (Bopp et al., 2013; Kwiatkowski et al., 2020). As a more
quantitative assessment that is in line with IPCC assessments,
the standard deviation around the multi-model mean can be
used as the “likely” uncertainty range (Bindoff et al., 2013;
Collins et al., 2013).
From the initial analysis of 13 CMIP6 Earth system models
published by Kwiatkowski et al. (2020), global rates of NPP are
projected to decline under the SSP5-8.5 high emissions scenario
by a multi-model mean of 2.99% by the end of the 21st century,
with a “likely” uncertainty range of ±9.1%. This spread has
increased from the 10 models assessed for CMIP5 under the
RCP8.5 scenario (Bopp et al., 2013), where there was a multimodel mean decline of 8.54%, with a “likely” uncertainty range
around one-third lower at ±5.9%. The only regions where more
than 80% of the CMIP6 models agreed on the sign of change
under SSP5-8.5 were for the projected declines in the North
Atlantic and increases in the Southern Ocean, with agreement
on this metric more common for CMIP5 (Bopp et al., 2013).
There is to date, no quantitative assessment of the regional
uncertainty in absolute terms from the more recent CMIP6
models. Some efforts to assess regional change were performed as
part of CMIP5 (Cabré et al., 2014; Laufkötter et al., 2015; Leung
et al., 2015; Fu et al., 2016; Rickard et al., 2016; Kwiatkowski
et al., 2017; Nakamura and Oka, 2019), highlighting the role of
uncertainty and distinct regional drivers. Inter-model spread in
the magnitude of NPP projections was noted in CMIP5 and was
found to be localised in the tropics, but the regional expression
and consequences for ecosystem services were not examined in
great detail (Laufkötter et al., 2015).
As marine ecosystem projections are driven by changes
in NPP or planktonic biomass, any inter-model differences
and uncertainty in NPP projections then feeds into projected
risk assessments under different climate change scenarios. For
instance, alterations to the projected NPP response due to
modified phytoplankton nutrient supply in the tropical Pacific
has been shown to increase uncertainty in projected impacts
of climate change on total consumer biomass (Tagliabue et al.,
2020). In another study, accounting for greater complexity
in phytoplankton physiology was found to enhance the
amplified climate driven responses of higher trophic levels
(Kwiatkowski et al., 2019a). Ultimately, ecosystem services
depend on changes in absolute NPP rather than the percentage
changes that are usually presented. To accommodate the

PROCESSES GOVERNING OCEAN NET
PRIMARY PRODUCTION AND THEIR
REPRESENTATION IN EARTH SYSTEM
MODELS
Generally, the types of ocean model used for climate change
projections as part of CMIP6 and CMIP5 exercises follow
a relatively similar approach to representing NPP despite
showing a range of model configurations. They consider a
discrete set of phytoplankton and zooplankton functional types
(in rare cases also heterotrophic bacteria) and represent
NPP as the product of the phytoplankton growth rate
and biomass, with some inter-model differences in the
representation of carbon loss due to respiration. In rare
cases, gross primary production (GPP) is computed, with NPP
the result of GPP minus autotrophic respiration and other loss
terms (Vichi et al., 2007).
Phytoplankton growth rates are controlled by limitation by
light and a range of nutrients using a Liebig “law of the
minimum” approach. Across different models, these range from
single nutrient limitation by N or P to accounting for multiple
limiting factors (N, P, Si, and Fe). Fractional limitation of
temperature dependent maximum growth rates is based on either
external or cellular nutrient levels and when more than one
nutrient is considered, the “most” limiting nutrient is used.
Phytoplankton biomass is grazed by zooplankton, as a function
of prey density following classical functional responses. The
nutrient levels themselves are an emergent property of the ocean
physical model and the balance between consumption during
NPP and other processes, as well as the release and recycling
by zooplankton, bacteria and degradation of sinking particulate
organic matter, and sediment remineralisation in some models,
which operate alongside external sources to the ocean (see
Laufkötter et al., 2015; Séférian et al., 2020 for a more detailed
description of NPP parameterizations in CMIP5 and CMIP6
Earth system models).
Earth system models show good skill in reproducing the
distribution of major nutrients (nitrate, phosphate and silicate)
(Séférian et al., 2020), with the notable exception of iron
(Tagliabue et al., 2016), but less skill for indices of biological
activity, like surface chlorophyll (Séférian et al., 2020). This
issue is compounded for NPP, since the different types
of observational algorithms and their various dependencies
introduce additional uncertainty (beyond that for chlorophyll)
in remote sensing estimates e.g., (Sathyendranath et al., 2020).
Moreover, intercomparisons compare full Earth system models
and thus the impact of differences in the specific NPP closures
cannot be isolated from parallel differences in the accompanying
ocean physical models and, more so, their atmospheric and land
components. To date, the regional skill of Earth system models
against estimates of NPP derived from remote sensing algorithms
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TABLE 1 | Summary of the ocean provinces used in this study and the codes of
the 83 Longhurst provinces (Longhurst, 2007) used by Vichi et al. (2011), with the
numbers corresponding to their Table 1 (Vichi et al., 2011).
Province Long name
ARC

Arctic

ASP

Atlantic sub-polar

NAS

North Atlantic sub-tropical gyre

EQA

Equatorial Atlantic

SAS

South Atlantic sub-tropical gyre

IND

Indian Ocean

SAP

Sub-Arctic Pacific

NPS

North Pacific sub-tropical gyre

Aggregated “Longhurst” provinces
1–3
4, 11, 15
5–6, 18
7–9, 12, 17
10
30–34, 70
50–51
53–56, 60

EQP

Equatorial Pacific

61–63

SPS

South Pacific sub-tropical gyre

59, 64

SOC

Southern Ocean

GLO

Global Ocean

21, 81–83
1–83

The Mediterranean (province 16) is omitted from the regional analysis.

divergent absolute mean state conditions of Earth system
models, upper trophic level and fisheries projections are
currently forced to rely on proportional changes that are
appropriately benchmarked for a subset of Earth system models
(e.g., Tittensor et al., 2018).

VARIABILITY IN GLOBAL AND REGIONAL
NET PRIMARY PRODUCTION
PROJECTIONS FROM CMIP5 AND CMIP6
MODELS

FIGURE 1 | Absolute annual NPP from 16 CMIP6 models for the historical
period (1995–2014) presented as (A) multi-model mean, (B) 1σ, and (C) the
full inter-model range. All plots show annual NPP in mol C m−2 yr−1 .

In this section, we examine and review NPP changes from 16
CMIP6 models newly assembled for this study (only 13 were used
in Kwiatkowski et al., 2020) and 10 CMIP5 models previously
assessed (Bopp et al., 2013). This focus on absolute, as well as
relative changes from CMIP6 and CMIP5 models at regional
scale is important as they underpin the associated ecosystem
services and our understanding of a key component of upper
ocean carbon turnover. To facilitate this regional analysis, we
re-gridded CMIP6 and CMIP5 models onto a uniform 1 × 1
degree horizontal grid as in Kwiatkowski et al. (2020) and used
11 broad biogeographic provinces based on Longhurst (2007)
and summarised previously (Vichi et al., 2011) to represent 11
key oceanic regions (Table 1). We address the change in depthintegrated annual NPP averaged between 2081–2100 and 1995–
2014 in three ways, the relative change (in percentage terms),
the absolute change in mol C m−2 yr−1 and integrated over
the province in Tmol C yr−1 . A common reference period is
applied to both CMIP6 and CMIP5 models. In all cases, we
assessed uncertainty across models in two ways, via the one
standard deviation “likely” range that links to IPCC assessments
and the full inter-model range. We generally focus on using the
one standard deviation “likely” range, but note the importance
of the inter-model range in quantifying the total range of
uncertainty across all models. In this way, we update the recent
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assessments based on CMIP5 and CMIP6 as part of the IPCC
sixth assessment reports.
Before addressing the projected changes, we focus on the
degree of inter-model difference in the levels of historical (1995–
2014) NPP. For example, the multi-model mean global annual
NPP is 41.4 Pg (or 3.45 Pmol), but the likely and intermodel ranges across the 16 CMIP6 models are 10 and 33 Pg,
respectively. Notably, this inter-model range of 33 Pg C, is over
an order of magnitude greater than the projected absolute change
(see below). Some models show rates of global NPP as high
as 56 Pg C in the historical era, while others are as low as
23 Pg C. These inter-model differences in historical levels of NPP
are also present at a regional level, with areas of high absolute
NPP in multi-model mean terms (Figure 1A), also showing an
elevated likely uncertainty (Figure 1B) and inter-model range
(Figure 1C). Notably, the magnitudes of both the likely and
inter-model range-based uncertainties are of similar order to
the multi-model mean NPP, indicating a high level of intermodel difference (note similar scale range for Figure 1 panels). In
general, the degree of inter-model uncertainty in historical levels
of NPP has declined between CMIP5 and CMIP6, with the largest
declines in uncertainty across models in regions such as the
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FIGURE 2 | Multi model mean and 1σ uncertainty for 16 CMIP6 and 10 CMIP5 models on a province by province basis for (A) NPP levels during the historical era
(1995–2014), and projected changes in annual NPP on a (B) percent, (C) mol C m−2 and (D) Tmol C basis (all relative to 1995–2014). CMIP6 results are from the 16
models using the SSP5-8.5 scenario, while CMIP5 results are from the 10 models using the RCP8.5 scenario. The global results are not included on panel d as they
distort the scale.

likely uncertainty range of ±8.06% or a total inter-model
range of 33.96% across all models (relative to 1995–2014).
The multi-model change for CMIP6 is slightly less than the
analysis of Kwiatkowski et al. (2020), due to the inclusion
of three additional Earth system models. The inter-model
range of >30% around this small average change highlights
the wide array of responses in projections at the global
scale and the lack of confidence in even the sign of
change for CMIP6. Globally, the multi-model mean change
in NPP as declined from around −8.06% for CMIP5 to
−1.76% for CMIP6, due to the much larger inter-model
spread (Table 2). The slight change in the global percentage

tropical Atlantic, Pacific and Indian Oceans (Figure 2A). Despite
their reduction since CMIP5, these inter-model differences in
ocean NPP remain substantial and reflect major mean state biases
across models, as well as indicating a large knowledge gap in the
magnitude of this key planetary flux.

Projected Changes in NPP at Global and
Regional Scales
Relative Changes
In our analysis extended to 16 CMIP6 models, global NPP
is projected to decline by 1.76% under SSP5-85, with a
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high NPP in the historical period (Figure 1A) show the largest
likely uncertainty and inter-model range for their projected NPP
changes in absolute terms (Figures 4B,C). The inter-model range
in the projected NPP change is amplified 5-fold, relative to the
multi-model mean change (note the 5-fold increase in scale for
Figure 4C, as compared to Figure 4A), while the inter-model
range was of similar order to the multi-model mean in the
historical era (similar range for Figures 1A,C).
Turning to the absolute changes at the regional scale in more
detail, we see that some key regions emerge as contributing
substantially to the uncertainty in projected absolute changes
on a per square metre basis (Figure 5). Relative to the global
uncertainty, the North Atlantic sub-polar Gyre, Equatorial Pacific
and the tropical Indian Ocean display the largest uncertainty
in the mol C m−2 changes in annual NPP for both the likely
and inter-model range (Table 3, Figure 2C). In a regionally
integrated sense, the area of the different regions is important
and the Indian Ocean, Equatorial Pacific, northern and southern
sub-tropical Pacific regions emerge as hotspots of uncertainty
(Table 4, Figure 2D). Indeed, around two-thirds (67%) of the
overall inter-model range in the total NPP change across models
in a total integrated sense can be explained simply by the
summed contributions from the tropical Pacific and Indian
Oceans (Table 4). Uncertainties, in terms of both the likely and
inter-model range, at the regional scale have also expanded
markedly since CMIP5, especially for the Indian Ocean and north
Pacific sub-tropical gyre where uncertainty has increased around
2–3-fold (Tables 3, 4, Figures 2C,D).
Overall, this indicates that a large proportion of the intermodel uncertainty around global NPP projections in absolute
terms resides in the response of the Tropical Pacific, Indian
and to a lesser extent the North Atlantic Oceans. Some regions
that have strong uncertainties in relative changes, like the
Arctic (Figure 3), are less significant in absolute changes. For
the Tropical Pacific and Indian Oceans, the uncertainty in the
projections of absolute NPP change concerns the sign of the
change, while for the North Atlantic Ocean it relates to the
magnitude of the projected decline, which is common across
models (Figure 5). Lastly, the increase in uncertainty regarding
projected changes since CMIP5, despite less uncertainty in the
mean state, is notable (Figure 2) and will lower confidence in
NPP projections made in SROCC due to the reduced intermodel agreement.
It is particularly notable that despite higher equilibrium
climate sensitivity (Zelinka et al., 2020), greater surface warming
and enhanced upper ocean nutrient decline in CMIP6 than
CMIP5, global NPP decline over the 21st century is less,
not more, extensive (Kwiatkowski et al., 2020). The lower
magnitude of global NPP decline in CMIP6 is not attributable
to an individual region, but rather a result of enhanced NPP
increases in the Southern and Arctic Oceans and less extensive
declines in multiple other regions, notably the Indian Ocean,
the equatorial Atlantic and Pacific, and the sub-tropical gyres
in the Pacific and south Atlantic (Figure 2). This suggests that
the temporal evolution of phytoplankton resource limitation
and or grazing pressure due to climate-driven changes in
atmosphere/ocean physics and/or ocean biogeochemical cycling

TABLE 2 | Statistics (as percentage changes) for the multi-model mean, 1σ
“likely” range and the full inter-model range across different regions and globally
for 16 CMIP6 and 10 CMIP5 models.
Province

CMIP6

CMIP5

Multi-model mean
1NPP (%)

CMIP6

CMIP5

Multi-model 1σ
1NPP (%)

CMIP6

CMIP5

Inter-model range
1NPP (%)

ARC

18.20

1.59

33.34

12.31

125.90

41.19

ASP

−19.50

−28.49

19.59

15.76

71.61

47.98

NAS

−15.80

−19.07

15.12

10.72

58.77

37.34

EQA

−4.97

−18.83

15.52

10.24

53.70

33.79

SAS

−3.43

−11.72

10.44

11.07

28.94

34.53

IND

−2.33

−14.11

12.76

6.95

48.44

23.72

SAP

9.52

2.27

14.04

4.57

45.35

14.60

NPS

−3.60

−15.06

14.39

8.99

50.48

32.59

EQP

−10.33

−11.03

10.81

9.82

36.87

28.85

SPS

−4.04

−6.86

11.93

6.41

43.25

24.45

SOC

9.06

3.62

8.11

3.44

31.61

10.56

GLO

−1.76

−8.06

9.01

4.83

33.96

14.12

Here annual NPP changes are presented in percentage change. Colouring for regions
are white centred using all CMIP5 and CMIP6 outputs across the 10–90 percentiles for
each metric. CMIP6 and CMIP5 changes are from the SSP5-8.5 and RCP8.5 scenarios,
respectively, and from 2081–2100 relative to 1995–2014 for comparison.

change for CMIP5, compared to Bopp et al. (2013), arises
due to our use of a later reference period for CMIP5
of 1995–2014.
Except for a few regions, the uncertainty in percentage
changes in NPP, measured either by the likely or inter-model
range, is broadly similar across regions (Figure 3, Table 2).
Exceptions to this are the Arctic, which shows the highest likely
and inter-model range, and the North Atlantic sub-polar gyre
(Figure 3, Table 2). The Southern Ocean and, to a lesser extent,
the South Atlantic sub-tropical Gyre, display uncertainties (both
in terms of likely and inter-model ranges) that are slightly smaller
than the global average. Compared to CMIP5, uncertainties in
the projected percentage changes in NPP at regional scale have
increased by up to 3-fold under CMIP6, most notably in the subArctic Pacific, Arctic and Southern Ocean, with the exception
of the South Atlantic Sub-Tropical Gyre where uncertainty has
declined since CMIP5 (Table 2, Figure 2B).

Absolute Changes
The projected changes in absolute NPP under the high emissions
SSP5-8.5 scenario also show inter-model differences that are
significant. At the global scale, the projected annual NPP changes
are −0.17 mol C m−2 (or −63.34 Tmol C) and are associated
with likely and inter-model ranges of 0.77 and 2.72 mol C m−2
(or 286.40 and 1010.00 Tmol C), respectively (Tables 3, 4).
Similar to percentage changes, we find uncertainties in the global
projections that are very large, relative to the multi-model mean
change. Importantly, the degree of uncertainty in projections
of global NPP in absolute terms has grown from CMIP5 to
CMIP6 by around 1.5-fold (Tables 3, 4). However, regionally,
even stronger levels of uncertainty in absolute NPP changes
emerge from the CMIP6 models (Figure 4). Regions that hosted
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FIGURE 3 | Percentage change in annual NPP (relative to 1995–2014) across different biogeochemical provinces and globally from 16 CMIP6 models. The red line
represents the multi-model mean and the shaded area the 1σ “likely” uncertainty range. The map shows the location of the provinces.

inter-model uncertainty in NPP projections for both CMIP5
and CMIP6. In our analysis on the projected changes in NPP
in absolute terms, three key regions of the ocean emerged as
hotspots of inter-model disagreement: (i) Indian Ocean, (ii)
Tropical Pacific (encompassing the equatorial and northern and
southern Pacific sub-tropical gyres), and the (iii) North Atlantic
(including the sub-polar gyre). Ultimately, the source of intermodel uncertainty in all three regions is 2-fold and linked to
the response of (i) atmospheric and ocean circulation changes,
and (ii) ocean biogeochemical cycling, including nutrient supply,
resource limitation and grazing.

may have significantly altered between CMIP5 and CMIP6 in
these regions.

Key Mechanisms Underpinning
Uncertainty
The dominant conceptual view of how climate change affects
NPP in the predominantly nutrient limited low to mid latitude
regions is via changes to ocean stratification, which reduce
nutrient supplies to the surface ocean (Behrenfeld et al.,
2006; Doney, 2006). In contrast, light limited regions at high
latitudes benefit from extended growing seasons due to sea
ice removal and the maintenance of ocean mixing within
the euphotic layer when waters are more stratified. However,
this emphasis on stratification is incomplete (e.g., Whitt and
Jansen, 2020) and clearly does not account for the variety
of physical and biogeochemical mechanisms that produce the
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Uncertainties in Atmospheric and Oceanic Circulation
Changes
Changes in the tropical Indo-Pacific atmospheric circulation
known as the Walker Cell are a good example of how other
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TABLE 3 | Statistics (as mol C m−2 changes) for the multi-model mean, 1σ “likely”
range and the full inter-model range across different regions and globally for 16
CMIP6 and 10 CMIP5 models.
Province

CMIP6

CMIP5

Multi-model mean
1NPP (mol C m−2 )

CMIP6

CMIP5

Multi-model 1σ
1NPP
(mol C m−2 )

CMIP6

CMIP5

Inter-model range
1NPP
(mol C m−2 )

ARC

0.25

0.12

0.74

0.53

2.44

1.89

ASP

−1.96

−2.81

2.00

1.21

7.31

4.46

NAS

−1.64

−1.49

1.26

0.70

4.35

2.20

EQA

−0.28

−1.79

1.31

0.87

4.18

3.04

SAS

−0.31

−1.26

1.14

1.30

3.38

3.87

IND

−0.12

−1.39

1.40

0.59

5.45

2.39

SAP

0.52

0.29

0.65

0.53

2.16

1.75

NPS

−0.23

−1.08

0.97

0.37

2.88

0.98

EQP

−1.75

−2.21

1.86

2.50

6.96

8.37

SPS

−0.30

−0.57

0.86

0.71

2.65

2.97

SOC

0.57

0.31

0.40

0.28

1.35

0.92

GLO

−0.17

−0.82

0.77

0.55

2.73

1.88

Here annual NPP average changes are presented in mol C m−2 . Colouring for regions
are white centered using all CMIP5 and CMIP6 outputs across the 10–90 percentiles for
each metric. CMIP6 and CMIP5 changes are from the SSP5-8.5 and RCP8.5 scenarios,
respectively, and from 2081 to 2100 relative to 1995 to 2014 for comparison.

TABLE 4 | Statistics (as Tmol C changes) for the multi-model mean, 1σ ‘likely’
range and the full inter-model range across different regions and globally for 16
CMIP6 and 10 CMIP5 models.
Province

CMIP6

CMIP5

Multi-model mean
1NPP (Tmol C)

CMIP6

CMIP5

Multi-model 1σ
1NPP (Tmol C)

CMIP6

CMIP5

Inter-model range
1NPP (Tmol C)

ARC

3.72

1.64

10.75

7.31

35.61

26.28

ASP

−8.24

−11.17

8.38

4.59

30.65

17.06

NAS

−20.87

−18.76

16.07

8.87

55.33

27.73

EQA

−6.06

−38.04

28.67

18.60

91.33

64.75

SAS

−7.00

−28.62

26.05

29.60

76.98

87.99

IND

−6.34

−68.82

72.93

28.61

284.10

117.00

SAP

6.14

3.37

7.72

6.01

25.56

19.96

NPS

−11.00

−50.96

46.26

17.27

137.00

45.78

EQP

−51.66

−64.38

54.93

72.89

206.10

243.90

SPS

−14.44

−27.04

41.24

33.97

127.60

141.70

SOC

42.69

22.96

29.54

20.45

100.10

67.83

GLO

−63.34

−283.80

286.40

189.30

1010.00

645.40

FIGURE 4 | The SSP5-8.5 change in NPP from 16 CMIP6 models by
2081-2100 (relative to 1995–2014) for (A) multi-model mean, (B) 1σ, and (C)
the full inter-model range. All plots show annual NPP in mol C m−2 yr−1 . Note
scale change for (C).

warming, while a Walker Cell slowdown would amplify the NPP
decrease in the Pacific by reducing nutrient availability (Matear
et al., 2015). Currently, the evolution of the Walker Cell in Earth
system models is uncertain, with most projecting a weakening
(Cai et al., 2020), but some suggesting an intensification (Plesca
et al., 2018). Although observations suggest the Walker Cell
has intensified over recent decades, there is a debate regarding
whether it can be attributed to a longer term trend that is
not consistently reproduced by Earth system models or to
internal atmospheric variability (Kociuba and Power, 2015). An
improved understanding of how changes in winds, that are
poorly constrained, interact with ongoing stratification changes,
that are better understood, in driving the overall NPP response in
the Indo-Pacific is required.
The western Arabian sea is one of the most productive regions
in the entire tropics (Naqvi et al., 2010; Moffett and Landry,
2020) and although changes in stratification contribute to the
NPP changes (Roxy et al., 2016), alterations to winds may also be

Here total annual NPP changes are presented in Tmol C. Colouring for regions are
white centered using all CMIP5 and CMIP6 outputs across the 10–90 percentiles for
each metric. CMIP6 and CMIP5 changes are from the SSP5-8.5 and RCP8.5 scenarios,
respectively, and from 2081 to 2100 relative to 1995–2014 for comparison.

factors, such as changing wind patterns, interact with warming
to drive NPP change. With easterlies over the equatorial Pacific
and Westerlies over the equatorial Indian Ocean, the Indo-Pacific
Walker Cell sustains NPP in the eastern Pacific and western
Indian Ocean by shallowing the nutricline and making nutrients
more available. Any Walker Cell intensification would thus tend
to oppose the effect of enhanced water column stability linked to
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8

November 2021 | Volume 3 | Article 738224

Tagliabue et al.

Uncertainties in Ocean NPP Change

FIGURE 5 | Absolute change in annual NPP (relative to 1995–2014) in mol C m−2 across different biogeochemical provinces and globally from 16 CMIP6 models. The
red line represents the multi-model mean and the shaded area the 1σ “likely” uncertainty range. The map shows the location of the provinces.

in Earth system models hamper the reliability of NPP projections
in the Indian Ocean (Singh et al., 2019). As fine-scale processes,
such as mesoscale eddies, are very important in this region,
improvements to model resolution during CMIP6 (Eyring et al.,
2016) have the potential to improve the reliability of future
NPP projections.
Changes in coastal upwelling in the Eastern Boundary
Upwelling Systems (EBUS) due to shifts in wind patterns will also
be important in shaping the response of NPP and the coupling
to ecosystem services. Early studies suggested strengthening
winds due to climate change would lead to consistent increases
in upwelling in EBUS, with implications for the response of
NPP (Bakun, 1990). Current Earth system models, and some
observations, tend to project reduced winds and upwelling
intensity for low latitudes and enhancements at higher latitudes
under a high emissions scenario during CMIP5 (García-Reyes

important. Notably, high rates of NPP in the Arabian Sea during
summer are supported by the Somalia and Oman upwellings that
are driven by alongshore monsoon winds and offshore Ekman
pumping, with mesoscale processes also playing an important
role in its horizontal extent (e.g., Marra and Barber, 2005).
In contrast, during winter, Arabian Sea NPP is regulated by
convective mixing in response to winter monsoon evaporative
cooling (e.g., Keerthi et al., 2017). Most Earth system models
project a decrease in the monsoon winds over the Arabian Sea
during both winter (Parvathi et al., 2017) and summer (Sooraj
et al., 2014), as well as anomalous easterlies at the equator
in response to the Indo-Pacific Walker circulation weakening.
These changes will contribute to an NPP decline during both
seasons, but are highly variable across models (as discussed
above). Ultimately, significant biases and uncertainties in the
representation of the Asian monsoon and its oceanic response
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et al., 2015; Rykaczewski et al., 2015). However, the interaction
of changing winds with coastal warming can produce complex
responses in upwelling at local scales, with an important role
for mesoscale dynamics not resolved in Earth system models
(García-Reyes et al., 2015; Wang et al., 2015; Renault et al., 2016;
Xiu et al., 2018).
Interannual changes in NPP in the North Atlantic have
been shown to be poorly correlated with parallel modifications
to stratification (Lozier et al., 2011; Dave and Lozier, 2013),
highlighting the role of other physical mechanisms. The Gulf
Stream plays a critical role in nutrient supply in the North
Atlantic via the nutrient stream (Pelegrí et al., 1996). This means
that projected changes to nutrient concentrations in the upper
ocean from Earth system models result from the combination of
the nutrient stream and its sensitivity to the Atlantic meridional
overturning circulation (AMOC), which interact with the effect
of changes to ocean stratification (Tagklis et al., 2020; Whitt and
Jansen, 2020; Couespel et al., 2021). Differences in the mean state
representation of the nutrient stream and the extent of AMOC
slowdown across CMIP5 (Cheng et al., 2013) and CMIP6 (Weijer
et al., 2020) are therefore major contributors to the magnitude
and uncertainty of projected NPP declines in the region (Tagklis
et al., 2020; Whitt and Jansen, 2020).

changes in dust fluxes will also be a key component of projected
changes in Earth system models. Of course, these biogeochemical
changes also interact with the atmospheric and ocean physics
changes mentioned in section Uncertainties in Atmospheric and
Oceanic Circulation Changes to control the fate of NPP. As
suggested by Moffett and Landry (2020), any strengthening of the
monsoonal circulation should exacerbate iron limitation, leading
to an eastward shift in the utilization of upwelled nutrients, while
a weakening of the monsoonal circulation, as projected by most
climate models (Singh et al., 2019), will probably reduce the
importance of iron limitation. It is likely that there is ultimately a
strong mosaic of nutrient limitation regimes in the region, linked
to both the underlying physical finescales, but also the role of
dust, river and margin supplies that needs to be assessed further
in Earth system models.
Relevant across all the tropical regions showing high
uncertainty is the contribution played by nitrogen fixation by
diazotrophs in modulating the NPP response to climate change.
As a new source of nitrogen to the upper ocean, nitrogen fixation
may counterbalance changes in nutrient supply due to changing
ocean stratification, but only if sufficient iron and phosphorus is
present (Zehr and Capone, 2020). Projected changes to nitrogen
fixation are highly variable among models at regional scale and
because modifications to nitrogen fixation due to climate change
emerge rapidly, they can contribute to the changes in NPP in
nitrogen limited regions that establish themselves outside of
internal variability later in the century (Wrightson and Tagliabue,
2020). CMIP5 and CMIP6 models take different approaches
to representing diazotrophy, which introduces an additional
source of uncertainty in the evolution of the upper ocean fixed
nitrogen supply.
In the Arctic, NPP projections are particularly uncertain in
areas of present-day sea ice, where initial nitrate concentrations
and the rate of sea ice retreat determine how reduced light
limitation and enhanced nutrient limitation interact to determine
the future NPP response in a given model (Popova et al., 2012;
Vancoppenolle et al., 2013). In the Arctic also, a recent study has
also shown that nutrient input from the land, through riverine
fluxes and coastal erosion, may sustain around one third of
contemporary Arctic Ocean NPP (Terhaar et al., 2021). This
suggests that changes in nutrient input may be a key factor
affecting future Arctic NPP, in accord with recent satellite derived
trends (Lewis et al., 2020).
More broadly, additional sensitivities around the linkage
between phytoplankton and zooplankton, as well as upper ocean
nutrient cycling will contribute to inter-model uncertainties.
The ability of Earth system models to resolve variations in
the nutrient contents of phytoplankton plays a role in their
responses to changing nutrient supply (Kwiatkowski et al.,
2018), with implications for zooplankton grazers (Kwiatkowski
et al., 2019a). Differences in the changes in grazing rates
across Earth system models contributes additional uncertainty to
NPP projections, due to their impact on overall phytoplankton
biomass (Laufkötter et al., 2015). Moreover, adjustments to
zooplankton grazing efficiencies due to climate change induced
changes in food quality can lead to alterations to and feedbacks
on upper ocean recycling, especially for essential micronutrients

Uncertainties in the Representation of
Biogeochemical Processes
In the tropical Pacific, in particular, part of the inter-model
uncertainty is driven by the relative role played by iron
and nitrogen limitation among models. A set of mechanistic
experiments within a single model demonstrated that minor
parameter adjustments that altered the strength of iron limitation
and its replacement by nitrogen limitation in the tropical Pacific
led to large changes in both the magnitude and sign of changes
to regional NPP (Tagliabue et al., 2020). It is highly likely that
there is divergence in the representation of nutrient limitation
regimes across CMIP5 and CMIP6 models, in part due to
the paucity of observational constraints (Moore et al., 2013;
Ustick et al., 2021). Indeed, it was notable that the emergent
constraint that assessed NPP projections from CMIP5 using
the co-variation of sea surface temperature and NPP anomalies
(Kwiatkowski et al., 2017), was not able to strongly discriminate
among different iron-nitrogen limitation scenarios (Tagliabue
et al., 2020). New understanding to inform on Earth system
model parameterisations and performance are clearly needed for
this key aspect of model structural uncertainty.
Poor knowledge of nutrient limitation regimes is not restricted
to the tropical Pacific, but also the Indian Ocean, with local
physical processes also being important. Our knowledge of
Indian Ocean biogeochemical cycling and nutrient limitation
regimes remains limited but has been growing in recent years
(Grand et al., 2015; Chinni et al., 2019; Twining et al., 2019).
For instance, iron limitation and zooplankton grazing have
been suggested to modulate NPP in the western Arabian Sea
(Moffett et al., 2015; Moffett and Landry, 2020), which highlights
the need for a deeper understanding of how grazing processes
and iron limitation interact in this highly productive region.
Additionally, if iron limitation is important, then climate-driven
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cost estimates (Barange et al., 2017). For instance, in the
Barange et al. (2017) study, the projected decrease in carbon
sequestration in the North Atlantic of 27–41% was estimated
to represent a loss of 170–3,000 billion USD in abatement
(mitigation) costs and 23–401 billion USD in social costs.
While NPP is a key first step, an array of additional
processes lead to the eventual change in the biological
carbon pump. For instance, parallel changes in the plankton
community composition, sinking rates and the remineralisation
of particles will decouple changes in the biological carbon
pump from NPP (De La Rocha and Passow, 2014; Sanders
et al., 2014). Nevertheless, due to their connectivity, increased
uncertainty in NPP will certainly not increase confidence
in projections of the biological carbon pump. However,
it is possible that additional constraints, e.g., from ocean
interior nutrient and oxygen levels, can better constrain
the biological carbon pump and thus bolster confidence
in assessments.

(Richon et al., 2020; Richon and Tagliabue, 2021). Whether or
not temperature sensitivities are applied to nutrient recycling
pathways in Earth system models may also affect the temporal
evolution of NPP (Taucher and Oschlies, 2011). Finally,
explicit representation of the “end to end” coupling between
phytoplankton and upper trophic levels is not yet widespread, but
may also be important in shaping the response of NPP (Lefort
et al., 2015; Aumont et al., 2018).

IMPLICATIONS FOR OCEAN
BIODIVERSITY AND ECOSYSTEM
SERVICES
The large uncertainties regarding the projected changes in NPP in
extent and sign, as well as their increase from CMIP5 we report
here, have important implications for fisheries management.
This is particularly the case because uncertainties increase at
regional scales and are accentuated in regions where fisheries
contribute substantially to food provision (e.g., the Tropical
Pacific and Indian Ocean) (Golden et al., 2016; Bindoff et al.,
2019). Temperature has been found to be a principal driver of
changes in the biogeography of marine fish and invertebrates,
while NPP interacts with temperature to affect the productivity
of the populations (Brander, 2007; Blanchard et al., 2012; Cheung
et al., 2019). Thus, production of marine species that expand
poleward in response to warming may be limited by the decrease
in NPP in their future range, resulting in a decline in total fish
production as the low latitude edge of the distribution range
retract poleward (Jones and Cheung, 2015; Villarino et al., 2015;
Cheung et al., 2019). In contrast, increase in NPP may increase
the rate of range expansion. Simultaneously, changes in NPP,
as the basic energy production, will also result in cascading
effects through the food chains from zooplankton to fish and top
predators such as seabirds and marine mammals (Bindoff et al.,
2019; Tagliabue et al., 2020; du Pontavice et al., 2021). In relation
to this, an added dimension of uncertainties in NPP projections
that are important for understanding the effects on marine
foodwebs is the nutritional quality associated with NPP (e.g., size,
structure and nutrient content). These changes will impact the
availability of seafood from fisheries, both globally and regionally.
Because the uncertainty range of NPP is high, and has increased
since the CMIP5 results available for the SROCC, there are rising
challenges for the long-term planning of fisheries development.
These include the need for strategies that are more adaptive to an
increasingly uncertain future. Similar considerations would also
hold for other ecosystem services, based on the fact that coastal
and shelf seas are providing up to 50% of global ocean primary
production, thereby supporting a variety of rich habitats, such
as wetlands, mangroves, kelp forests, and seagrass meadows that
support biodiversity and provide food, coastal protection, carbon
sequestration, and other services (Bindoff et al., 2019).
In terms of the mitigation of climate change, the uncertainties
in the reduction of the biological carbon pump translate
to differences spanning orders of magnitude in abatement
and social costs, particularly given the increased uncertainty
with respect to previous estimates from CMIP5 and related
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FUTURE EFFORTS TO REDUCE
UNCERTAINTY IN NPP PROJECTIONS
A major question is whether the community will be able
to constrain ocean NPP better in the future, so model skill
and inter-model agreement for NPP looks more like it
does for nitrate and phosphate. The major issue for NPP
is the high degree of variability across different spatial
and temporal scales (compared to whole ocean nutrient
reservoirs) and large divergence in contemporary direct
constraints, which rely on different remote sensing algorithms
applied across different satellite sensors (Sathyendranath
et al., 2020). Unlike the biological carbon pump, there
is only limited ability to constrain the magnitude and
distribution of NPP indirectly from nutrient and oxygen
distributions. This suggests that new approaches, such as using
measurements like carbon isotopes or genomics, allied to
improved observational coverage from bioArgo, are needed
to provide the improved picture of both the magnitude and
variability of upper ocean NPP that is required to drive
improved models.
Associated with the challenge of constraining the magnitude
of present-day NPP is uncertain knowledge of the drivers of
change and how inter-model differences in atmospheric and
ocean physics cascade through ocean biogeochemical cycles
to drive resource limitation of NPP. Knowledge is growing
regarding the role of multiple concurrent factors regulating
microbial activity (Saito et al., 2014; Browning et al., 2017;
Caputi et al., 2019; Ustick et al., 2021). But how the emergence
of these multiple drivers are affected by the climate responses
of key physical components, like winds, in the Indo-Pacific
region in particular, is a major knowledge gap. Future efforts
that conduct additional model experiments aimed at addressing
the role of key mechanisms (e.g., Tagliabue et al., 2020), rather
than the ensemble of differences (across land, atmosphere, and
ocean components) between different Earth system models, are
urgently needed to advance this area.
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Largely absent from discussions around changing NPP in
response to changing nutrient supply is the role of modification
to external nutrient inputs to the ocean. While there have been
some efforts including dynamic coupling with aerosol nutrient
supply at the sea surface (e.g., Yool et al., 2021), future work that
accounts for additional external inputs may introduce additional
uncertainty in NPP changes. For instance, the inclusion of
dynamic Greenland and Antarctic ice sheets in Earth system
models is rapidly becoming computationally permissible and
the associated changes to freshwater fluxes due to climate
change have the potential to influence projections of NPP via
both physical and biogeochemical mechanisms (Hopwood et al.,
2020). These include changes to stratification and associated
consequences for nutrient supply (Vizcaíno et al., 2008), but also
direct supply of key nutrients, such as iron (Laufkötter et al., 2018;
Person et al., 2019) and low latitude impacts via atmospheric
teleconnections (Kwiatkowski et al., 2019b). Earth system models
are also moving toward dynamic representations of land-ocean
riverine nutrient fluxes (Séférian et al., 2020), which have a strong
sensitivity to anthropogenic activity and management choices
(Seitzinger et al., 2010). The choice of which riverine nutrients to
resolve and how these fluxes are coupled to land surface models
has the potential to substantially alter projections of NPP in
coastal regions (e.g., Terhaar et al., 2019).
At present, each CMIP Earth system model typically differs
from its parent generation in terms of both physical and
biogeochemical ocean models, not to mention differences in
other components of the coupled Earth system (Bopp et al.,
2013; Kwiatkowski et al., 2020; Séférian et al., 2020). This
presents an inherent traceability issue when trying to identify
what determines differences in NPP projections both within
and across CMIP generations. One approach that has been
previously adopted is to couple a suite of ocean biogeochemical
models with the same physical ocean model (Friedrichs et al.,
2007; Kriest et al., 2010; Popova et al., 2012; Kwiatkowski et al.,
2014) in order to isolate the role of biogeochemistry. Although
often practically difficult, this can be a valuable exercise,
identifying the limitations of specific model parameterisations.
Another area where improvements could be made is in the
documentation of Earth system models, specifically, with respect
to model spin-up procedures (e.g., Séférian et al., 2016) and
validation. Currently each ocean biogeochemical modelling
group makes independent and undocumented validation
decisions. Knowledge of what observational constraints have
been used to constrain ocean biogeochemical models would
critically improve our understanding of the uncertainty in
NPP projections. In this respect, much could be learned from
the terrestrial biogeochemistry community (e.g., Spafford and
MacDougall, 2021).

whether the analysis we have made here constitutes a realistic
assessment as to the magnitude of the uncertainty in the projected
changes to ocean NPP. Despite progress in recent years, the ocean
biology components of Earth system models remain very simple,
relative to the complex picture of the structure and function
of the ocean microbiome that is emerging from observations
(Sunagawa et al., 2015). Future work that explores the
consequences of new processes in Earth system models, including
(but not limited to) microbial co-limitation, acclimation or
adaptation, mixotrophy, and predator-prey dynamics will raise
challenges for constraining model uncertainty (especially at
regional scales) and model democratisation (Sanderson et al.,
2015). This will be especially true for efforts using ocean
biology changes from Earth system models to project upper
trophic levels and provide assessments of fish stock changes.
More broadly speaking, making the link between upper trophic
levels and NPP in the context of a changing climate would
benefit from moving beyond the single forcing of anthropogenic
climate change toward a holistic framework of impacts on ocean
ecosystems, ranging from pollutants (e.g., mercury, persistent
organic pollutants, plastics) to disease (e.g., Vibrio) to overfishing.

CONCLUDING REMARKS
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