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Otolith: calcified structure in the inner ear of vertebrates, allow to :
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We clearly saw that the analysis can be influenced by the choice of clustering algorithm, distance
or similarity measure, and parameters. Different combinations of these factors can
produce different clustering results, and there is no universal or optimal choice that will
work for every data set.
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Having considered the Rand indices as verlfication crteia forffteen methods, we believe that the
values are quite identical for one year, three and five years. There Is no unique or
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Correlation of retained features for 5y-dataset
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objective way to measure the qualty or confidence of clustering, and we need to use both
intemal and extemal criera, as well as visual and qualitative methods, to evaluate and
compare clustering results. Moreover, we need to provide meaningful and understandable
labels and descriptons for clusters, and explain the implications and applications of
clustering for our problem or domain. It should be noted that analysis can be quite
Iabor-inensive for multdimensional data sets.
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